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PyTorch Native

.to(‘cuda’) | .to(‘neuron’)
# The existing Pyterich code & Update to neuron <o depln‘;___._.._.._—

model = MyModel().to(‘cuda‘) model = MyModel().to(‘neuron’)
optimizer = optimizer =
torch.optim.AdamW(model.parametexs()) torch.optim.AdamW(model.parametexs())
for batch in dataloadex: for batch in dataloadex:
optimizer.zero_grad() optimizer.zero_grad()
output = model(batch) output = model(batch)
loss = criterion(output, targets) loss = criterion(output, targets)
loss.backward() loss.backward()

5 timizer.
optimizer.step() optimizer.step()
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Introducing all new Profiler

Neuron Explorer

More than 4X interactivity
improvement

Available through web application
or via VSCode integration

Extensions for system-level
profiling

Customizable widget-based layout
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12645

ificial Intelligence, refers ta a category of Al systems that are capable of creating original content
d videa These systems are trained on vast amounts of data to understand patterns and generate
puts. Uniike traditional Al, which is primarily used for classification or prediction, GenAl focuses on

imples of GenAl is the GPT (Generative Pre-trained Transformer) series developed by €
b7-3 and GPT-4. These modeis can write stories, comnose music, generate code, and ev. . e b
 GenAl systems include Google's Gemini, Meta's Llama, and Alibaba’s Gwen.
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